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Diffusion LMs build an answer over many denoising steps. We trace what the model computes at each step, find that it works in clear phases, and show
that boosting the right features at the right moment takes sorting from 0 to 128 correct answers out of 128.
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Figure 1. The same answer, written two ways. Figure 2. Train SAEs and cross-layer transcoders (CLTs) on every denoising step, select task features, interpret them by hand and with an LLM judge, then edit them during
denoising.
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